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We analyze the predictive power of seven leading indicators for economic activity in 
the Euro Area developed by different banks, institutions and research centers. Our 
comparison is conducted in a bivariate vector autoregressive framework. Indicators are 
compared by means of an in-sample and an out-of-sample forecasting experiment. 
Predictive accuracy is compared by recently proposed tests for superior predictive ability. 
Our results suggest that nearly all indicators have good in-sample properties and that a 
majority of them is able to outperform a naive univariate autoregressive model out-of-
sample. Additionally, we find that indicators perform better in boom periods than in 
recessions. The OECD and FAZ indicators are both composite indicators and deliver the 
most accurate forecasts. 
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most  important  target  variables  in  the  decision  process  of  policy  makers.  Due  to 




improve  forecasts  and  reduce  uncertainty.  These  indicators  are  important  tools  for 
enterprizes, central bankers and politicians to predict the future development of the 
economy. We analyze the predictive ability of seven indicators which are quite different 
regarding  their  conception.  The  empirical  analysis  shows  that  they  also  have 
significantly different forecasting performances. In contrast to related articles in this 
area we consider seven special economic indicators that are used in practice to conduct 
economic  forecasting.  These  indicators  are  constructed  with  a  specific  focus  on  the 













literature  that  assesses  the  forecasting  properties  of  various  leading  indicators  for 
Germany such as by Breitung and Jagodzinski (2001), Schumacher and Dreger (2004), 



















These  indicators  are  constructed  from  different  newspapers,  banks  or  economic 
research centers to predict or show future trends of the European business cycle. The 
indicators  are  selected  on  the  basis  of  data  availability.  These  different  types  of 
indicators  could  be  clustered  more  or  less  into  three  different  groups.  Indicators 
belonging to the first class are constructed with the help of different surveys. These 
indicators  are  constructed  and  influenced  by  different  surveys  evaluated  by  an 
institution.  The  European  Sentiment  Indicator  (ESI)  and  the  Business  and  Climate 
Indicator (EJ) are constructed by the European Commission and conclude several survey 
results  evaluated  by  the  Commission.  The  ESI  indicator  contains  five  different 




climate.  This  indicator  contains  elements  of  the  industry  confidence  indicator,  also 
included  in  the  ESI  plus  other  survey  results.  Next  to  the  indicators  evaluated  by 































The  overall  impression  is  that  nearly  all  time  series  are  stationary  because  the  null 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is  not  very  flexible  but  previous  evidence  has  shown  that  it  is  able  to  produce 
competitive forecasts. 
In  our  forecasting  experiment  the  consistent  Schwarz  criterion  is  used  in  each 
forecasting  step,  to  choose  the  optimal  lag  length  in  the  VAR  model.  We  select  an 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in  the  tails  of  the  reference  series'  distribution  might  be  more  important  for  policy 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,                   (9) 
where  we  assume  that  ut+1  is  a  white  noise  process.  The  null  hypothesis  can  be 
formulated  as  .  If  the  null  hypothesis  is  rejected  in  favor  of  the 
alternative, we conclude that the forecast is not rational. However, the coefficient of determination R2 provides a direct assessment of the variability in the reference series 
that is explained by the forecasts. Therefore it is often interpreted as a simple measure 











In  this  work  we  are  faced  with  several  potential  leading  indicators  that  we  use  for 
forecasting purposes of one time series. Orthodox econometric techniques for forecast 












exhibits  superior  predictive  ability.  We  choose  the  autoregressive  forecast  as  the 
benchmark, see section 4. A formal expression of the multiple null hypothesis stated 
above is given by  













randomly  drawing  subsamples  from  independent  lengths  which  are  drawn  from  a 
geometric distribution with mean q. These subsamples are randomly put together to 
obtain a bootstrapped series. This procedure is repeated B times. 
There  are  two  main  problems  with  this  approach  that  are  commented  in  Bao  et  al. 
(2006).  First,  the  choice  of  the  forecasting  scheme  is  not  irrelevant.  Nevertheless,  a 




in  a  rolling  window  setting.  Second,  the  Reality  Check  test  of  White  (2000)  is 
conservative  and  depends  heavily  on  the  structure  of  Mc.  If  this  set  contains  poor 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where   is an estimator of the asymptotic standard deviation of  . In order to 
avoid  White's  assumption  that  makes  the  test  conservative,  a  different  way  of 
bootstrapping the distribution of   was proposed, for details see Hansen (2005). 
In addition, two inconsistent probability values can be provided in order to obtain a 
lower  and  an  upper  bound  for  the  consistent  probability  value.  The  upper  bound 
corresponds to the probability value of White's Reality Check test that is conservative. 














in‐sample  predictive  ability.  After  having  generated  out‐of‐sample  forecasts  for  the 
period after the introduction of Euro cash money in January 2002 we apply established 
as  well  as  recent  techniques  to  evaluate  their  predictive  power.  We  focus  on  the 
performance  during  periods  of  booms  and  recessions  by  applying  weight  functions 






boom‐periods  than  in  times  of  recessions.  The  OECD  and  FAZ  (both  composite 
indicators) deliver the most accurate VAR forecasts. The forecast with the EC indicator, 
which is based on a dynamic factor model, performs best in the times of booms. In times 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